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ABSTRACT KEYWORDS

With the growing proliferation of generative Al, discussions about Artificial intelligence;
the societal implications of Al, including opportunities and risks, user perceptions; risk
have intensified. Ultimately, the success of initiatives to integrate ~ Perceptions; trust;
(generative) Al into news production and dissemination will depend ~ Journalism; acts of
on the concerns, trust, and willingness of citizens to accept new resistance
Al-driven solutions. This study explores attitudes toward the use of

Al in journalism, perceptions of generative Al, and how these fac-

tors influence trust in and credibility of information. Using a survey

on a representative sample of the Dutch population (N=1478), we

analyze perceived benefits and concerns about Al and explore indi-

vidual acts of resistance against the application of Al in journalism

(e.g., unwillingness to pay for news that Al produces). With this

study, we extend previous research on attitudes towards Al by also

considering general attitudes towards generative Al, individuals’ risk

perceptions towards generative Al, and policy support regarding

regulating Al. More importantly, this study also investigates individ-

ual follow-up actions in the form of acts of resistance against the

use of Al in journalism. The findings of this paper are particularly

significant due to the rapid growth of generative Al, its integration

into the news cycle, and international policy developments.

Introduction

The advent of artificial intelligence (Al) has ushered in an era of unprecedented
transformation across different scientific disciplines and society itself, raising critical
inquiries that reverberate through the dimensions of trust, risk perceptions, and reg-
ulatory frameworks. Among its multiple manifestations, generative Al stands out as
an innovation of significance. Generative Al can be defined as “a type of artificial
intelligence technology that can create new content, such as text, images, audio,
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video, or other media, based on the data it has been trained on and according to
written prompts provided by users” (Diakopoulos et al. 2024, 4). As generative Al
applications flourish, their capacity to engender synthetic content from existing data
marks a profound departure from conventional paradigms. With capabilities spanning
image generation (e.g., Midjourney and Stable Diffusion), auditory synthesis (e.g.,
Lovo), video creation (e.g., Synthesia and Make-a-Video), and even the articulation of
human-like dialogues (e.g., Copilot, Gemini, and ChatGPT), these tools can have an
indelible impact upon domains such as news production and consumption, and
society as a whole.

Within the rapidly changing landscape, the delineation between Al-forged content
and human-crafted narratives blurs, beckoning critical questions that resonate deeply
within communication science. In an era where Al-generated content seamlessly
coexists with its human-generated counterpart, and where the digital realm enables
the manipulation of information, the questions of trustworthiness and risk arise,
rethinking the production and consumption of information (Kreps, McCain, and
Brundage 2022; Noain-Sanchez 2022). In the worst case, Al can disrupt the findability
and consumption of reliable journalistic content decreasing individuals’ trust in news
(Newman et al. 2023). The potential for Al-generated content manipulation further
underscores the complex relationship between information credibility and Al-generated
news, necessitating a comprehensive exploration of the interplay between individuals’
attitudes, their perceptions of generative Al, and trust in journalism.

As artificial intelligence is being applied in newsrooms, individuals might now
be confronted with news content, that has been supported or entirely produced
by Al (Noain-Sdnchez 2022). Individuals evaluate news created by Al differently than
human written content (e.g., Jung et al. 2017). Thus, also citizens’ trust relationship
with news outlets will be potentially influenced by the application of Al in content
production and generation (Jung et al. 2017; Kreps, McCain, and Brundage 2022;
Noain-Sanchez 2022).

So far, the discussion around Al adoption, also in the news, is dominated by tech
determinism and the idea that technology “overcomes” citizens (Campolo and Crawford
2020; Dafoe 2015). There has been far less attention, also in the academic debate,
for the fact that consumers also have agency and that this agency is particularly
decisive for the future of generative Al now, at a point in time where generative Al
has left the lab and becomes integrated into individuals’ daily routines, like reading
and finding the news. People have the choice to trust or not to trust content gen-
erated by Al, and, subsequently, to accept or resist the use of Al in news. When
making this choice, citizens have the opportunity to help shape the future of Al in
society or resist its broader adoption. Resisting the use of generative Al in journalism
specifically can take on many different shapes and forms. We formulated six acts of
resistance that individuals might display, which can be connected to Hirschman'’s exit,
voice, and loyalty framework (Hirschman 1970). For instance, stopping reading (exit)
a certain news outlet if the outlet uses Al to write their articles or the unwillingness
to share personal data to receive personalized news generated by Al (voice).
Investigating these acts of resistance in detail can also provide us with important
information about the concrete information needs of citizens when it comes to the
use of generative Al in journalism. Transparency is a vital precondition for users to
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be able to decide how they want to respond to the use of generative Al and hold
the relevant actors to account. Moreover, with the democratization of access to Al
through services like ChatGPT, individuals can be active deployers of Al themselves,
thereby co-deciding actively on the role of Al in society. This is why it is essential to
understand general attitudes, but also acts of resistance vis-a-vis generative Al.

Next to the generative Al application in newsrooms and the connected audience
perceptions, the rapid advances in generative Al tools also raise questions about how
individuals cope with these tools. We are not only interested in the awareness or
personal use of generative Al tools but more specifically in risk perceptions. Where
do individuals see possible risks in the use of generative Al and where are they
optimistic about it? For instance, individuals might see misinformation or hallucinations
produced by generative Al as a potential threat (Weisz et al. 2023). Further, concerns
around privacy and copyright can also play a role in individual risk perceptions
(Gal 2023).

Research is still scarce on these dynamics. We therefore collected original survey
data from a Dutch sample (N=1478) to approach these questions. The study recog-
nizes the significant influence of generative Al on the production and consumption
of news. It aims to tackle crucial issues relating to the trustworthiness and manipu-
lation of information in the age of generative Al. Furthermore, the study underlines
individuals’ agency in shaping the future adoption of generative Al in newsrooms,
emphasizing the importance of exploring acts of resistance against its implementation.
Ultimately, these insights shed light on the potential of innovation with Al in jour-
nalism and what the responsible use of Al in relation to the audience means. Moreover,
gaining a deeper understanding of users’ concerns, perceptions of risk, and reactions
to Al when they express concern can also inform legislation and policymaking.
Specifically, this insight can illuminate the regulatory framework’s role in enabling
acts of resistance through transparency and providing concrete user rights or forms
of empowerment.

Trust and Credibility in Al Application in Journalism

Over the past decade, news organizations have been increasingly adopting Al tech-
nologies, from traditional rule-based automation to more recent innovations such as
generative Al technologies (Beckett and Yaseen 2023; Simon 2024). The key distinction
of generative Al technologies is that generative Al models are trained using extensive
datasets, through which they acquire patterns and structures, subsequently generating
novel synthetic. Nevertheless, whether it is rule-based automation or generative Al,
the adoption of Al in journalism is aimed to enhance content production, dissemi-
nation, and engagement with the audience (Beckett and Yaseen 2023; Simon 2024).
The advancements of Al can further serve journalists and editors to enhance content
production by reducing data errors, and reducing costs for news organizations when
generating news (Ahmad, Haque, and Ibahrine 2023; Montal and Reich 2017). In
addition, one of the benefits of generative Al for citizens is that it can serve to tailor
content according to their news preferences (Diakopoulos et al. 2024), which can
subsequently enhance citizens’ benefit and trust perception.
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Even though generative Al presents numerous benefits for news organizations and
citizens, its use in journalism also introduces several risks for the public, such as filter
bubbles, threats to editorial independence, algorithmic gatekeeping, and platform
dependency (Araujo et al. 2020; Helberger et al. 2022; Simon 2024). The interplay
between risks and benefits, as discussed earlier, exerts a profound influence on indi-
viduals' perceptions, particularly in matters of trust. For instance, Heim and Chan-Olmsted
(2023) demonstrated that citizens’ perceptions of Al significantly impact trust in both
Al technology and the media. Moreover, Sun, Hu, and Wu (2022) showed that Chinese
citizens exclusively see benefits in the usage of Al in journalism, while Araujo et al.
(2020) suggest that the Dutch population recognizes both the benefits and risks of
Al. In the context of this study, situated within the Netherlands, where the population
is aware of the benefits and risks of Al it becomes imperative to gauge the extent
to which perceived benefits of Al impact trust in media and the credibility ascribed
to Al as an information source. Although media trust has experienced a decline across
various nations, including the Netherlands, the extent of this decline within the Dutch
landscape appears comparatively moderate (Newman et al. 2023). This highlights the
importance of investigating trust and credibility connected to the benefits and risks
of the application of Al in journalism in a country with stable levels of trust in the
media system.

Although the concepts of trust and credibility are highly related, with some
authors using these concepts interchangeably (e.g., Kohring & Matthes, 2007), we
make a distinction between these two concepts. Trust is defined as a positive belief
in the reliability or confidence in a person, object, or process, while credibility
refers to the perceived quality or believability of a specific object (Masullo, Lee,
and Riedl 2022, 3; Masullo et al. 2022). Thus, trust encompasses a broader concept,
and credibility can be seen as one potential attribute of trust, with this relationship
being reciprocal (i.e., more trust leads to more source credibility). In addition, it is
important to note that the concept of trust aims to capture the belief of citizens
towards the media to fulfill their expectations encompassing elements of risk and
uncertainty, whereas credibility focuses on the believability of media sources of
content (Coleman 1990; Metzger and Flanagin 2013). In this study, we focus on
trust and credibility associated with the usage of Al in journalism. On the one
hand, we understand trust as an expectation of how Al will be applied in journal-
ism, and on the other hand, we focus on credibility in the context of Al serving
as a primary source for news content. Like this, we aim to comprehensively evaluate
the multifaceted dimensions of trust and credibility within the realm of Al-mediated
journalism.

Trust and credibility in journalism are necessary since audiences are not able to
verify every detail that is being reported (Wolker and Powell 2021). In essence, people
make a quick decision about a news organization’s credibility based on the content
that the outlet produces (Masullo et al. 2022). A way that audiences might evaluate
the credibility of Al-generated content and the credibility of the news source is
through heuristics or mental shortcuts (Lermann Henestrosa, Greving, and Kimmerle
2023; Tandoc, Yao, and Wu 2020). One important heuristic in relation to Al is the
“machine heuristic”. Sundar and Kim (2019) defined this as a cognitive shortcut,
wherein machines are perceived as objective, accurate, and devoid of ideological
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biases. Studies evaluating the effects of machine heuristics in journalism have demon-
strated that readers perceive news generated by algorithms as more objective and
credible but less emotionally involving than human-written news (Liu and Wei 2019;
Wolker and Powell 2021). In this way, if citizens perceive some benefits in Al-generated
content, such as increased accuracy and objectivity in news, they are likely to perceive
Al-written news as more credible. Similarly, as Al continues to advance in tailoring
content for individual citizens audiences may increasingly perceive Al-assisted news
as more beneficial and credible. Thus, the use of Al in journalism can enhance citizens'
trust in Al for journalism and might lead citizens to perceive Al-generated news as
more credible. We therefore ask the following research question: How do the perceived
benefits concerning the use of generative Al in journalism impact individuals’ trust
and credibility in news (RQ1)?

Since the perception of benefits is related to trust and credibility, the more citizens
perceive a benefit in the adoption of Al, the more citizens will trust and experience
credibility concerning the usage of Al in journalism. Based on these considerations,
we proposed the following hypotheses:

H1a: The more benefits people see of the use of Al in journalism, the more trust they
have in Al in journalism.

H1b: The more benefits people see in the use of Al in journalism, the more credible they
find Al-written news.

The relationship suggested in these hypotheses might not be linear but rather
circular. The relationship between perceived benefits and trust might be dynamic,
meaning that trust could also influence the perceived benefits. Hence, the more trust
individuals have in Al in journalism, the more benefits they see (Bedué and Fritzsche
2022; Schepman and Rodway 2023).

Acts of Resistance towards Generative Al in Journalism

With emerging technologies such as generative Al and its application in different
parts of society, not every individual agrees with the implementation in areas such
as journalism. On the one hand, the responsible use of Al can help to reinvent the
trust relationship between individuals and news outlets. On the other hand, it can
even deepen the existing distrust in news organizations. Individuals might show
resistance or reluctance and refuse to engage with entities that apply generative Al.
Results from healthcare and medical science give important empirical insights into
this issue. Studies indicate that people may decline to interact with artificial intelli-
gence in the healthcare domain for a variety of reasons. Longoni, Bonezzi, and
Morewedge (2019) observed that consumers generally exhibit reluctance when it
comes to embracing Al-provided healthcare services. Meanwhile, other findings reveal
that the emotions of family members play a pivotal role in their decision-making
process regarding Al's involvement in their parents’ healthcare. Anxiety about health-
care monitoring and health outcomes tends to decrease the rejection of Al monitoring,
while surveillance anxiety and delegation anxiety tend to increase rejection (Park
et al. 2022). Ploug and Holm (2020) argue patients should have the right to opt out
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of Al-driven diagnostics and treatment planning. This choice stems from concerns
related to the role of physicians in personal decision-making, the biases and lack of
transparency inherent in Al systems, and rational apprehensions about the potential
societal impacts of introducing Al systems into the healthcare sector. In sum, these
studies collectively underscore that citizens’ reluctance to embrace Al in healthcare
stems from concerns surrounding Al’s role in personal decision-making, the biases
and opacity associated with Al systems, and the potential societal ramifications of
integrating Al into healthcare practices, as well as that citizens should have an active
choice whether or not to accept Al.

In the field of communication science, we can build on findings on how citizens
perceive news personalization to develop the concept of acts of resistance towards
Al in journalism. Monzer et al. (2020) found that citizens see themselves not simply
as passive receivers but as active participants in the process of news personalization,
and that through their choices they are able to steer or resist certain technological
choices. Two key strategies to exercise agency are technical solutions (e.g., deleting
cookies) and restrictive behavior (avoiding certain services) (Monzer et al. 2020). In
another study, Volek (2023) discovered that citizens perceive news personalization as
diminishing their control over search mechanisms and the delivery of information.
They also voiced concerns regarding the credibility of personalization and the man-
agement of their personal data. The author measured defense tactics against news
personalization, which entails the “protection (a) against personal data abuse (b) from
loss of plurality of algorithmically selected news” (Volek 2023, 4). Results show that
citizens apply three resistance tactics: “(1) avoiding suggested personalization services;
(2) technical interventions, and (3) adaption or acceptance” (Volek 2023, 14).
Investigating algorithmic news recommenders, Martens et al. (2023) also observed
negative reactions or “contra-productive deviant behavior” from citizens against the
system (Martens et al. 2023, 218). For instance, citizens would ignore content they
suspected was pushed by the algorithm or reject the system entirely. This study
highlights the importance of investigating the perceived role of citizens in interacting
with Al systems.

While people’s acceptance or resistance towards artificial intelligence is broadly
studied in the field of healthcare studies (e.g., Park et al. 2022; Zhou et al. 2022) and
regarding news personalization (e.g.,, Monzer et al. 2020; Volek, 2023), research is still
limited on how citizens engage in acts of resistance regarding the use of (generative)
Al in journalism. Considering previous findings, we define acts of resistance towards
the use of Al in journalism as individual acts to opt out, adjust their behavior, or
challenge their contribution to Al-generated news content.

The exit, voice, and loyalty framework introduced in Albert Hirschman’s (1970)
seminal work can provide valuable and encompassing insights when putting the
suggested concept into a larger, theoretically profound context. The framework has
been tested across disciplines, for instance, political science, sociology, and economics
(Beard, Macher, and Mayo 2015) but has yet to be applied in the context of citizens’
relationship with generative Al in journalism. The purpose of Hirschman'’s framework
(1970) is to explain why and when dissatisfied customers exit (e.g., withdraw from
the product), use their voice (e.g., proposal for change), or remain loyal to a firm. We
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believe that drawing parallels from the exit, voice, and loyalty framework can help
explore the complex dynamics surrounding acts of resistance regarding the use of
Al in journalism. More concretely, the suggested acts of resistance such as stopping
reading and paying for Al-generated news content equals exit within the framework.
Whereas not sharing personal data with a news outlet to receive personalized
Al-generated news can be considered as voice. It becomes apparent that exit and
voice in this context are types of behaviors that we refer to as acts of resistance.
Loyalty refers to citizens’ sustained support or acceptance of Al-generated news or
Al in journalism, despite concerns or criticism. This loyalty may derive from lower risk
perceptions or perceived benefits, such as efficiency, novelty, or convenience, offered
by Al-generated content.

Studying acts of resistance such as refusing to read news from a certain outlet if
they use generative Al to write their articles or the unwillingness to share personal
data to receive personalized news created by Al is significant because insights into
this behavior could inform the way how news outlets integrate Al technologies and
enable the development of policies regarding transparency, accountability, and user
rights. Furthermore, we believe that such acts of resistance are closely related to
citizens’ trust. Hence, we ask the following research question: To what extent do
individuals resist the application of (generative) Al in journalism (RQ2)?

If news organizations do not acknowledge citizens’ concerns and do not offer them
a choice, this can negatively affect trust, which in turn can result in canceling sub-
scriptions to a news outlet that uses Al. Based on this, we propose the following
hypothesis:

H2: The more distrusting citizens are in the use of Al in journalism, the more likely citizens
are to show acts of resistance regarding the application of Al.

Risk Perceptions About Generative Al

The increased popularity of generative artificial intelligence applications coincides
with the emergence of so-called foundation models and generative Al. Designed to
perform a wide range of general tasks, foundation models can be built upon and
adapted by others for different applications, in a wide variety of contexts, and for a
diverse set of purposes (Helberger and Diakopoulos 2023; Jones 2023). Moreover,
these applications are often characterized by easy accessibility and use. People’s
exposure to artificially generated content, including journalistic content, is therefore
likely to increase, to both positive and negative effects. Whereas the journalism and
media industries highlight the technology’s potential for innovation (Beckett and
Yaseen 2023; Caswell 2023), generative Al has already been used to rapidly populate
websites with unreliable news content to attract ad revenues (Ryan-Mosley 2023),
and more generally sped up a debate about the risks of large-scale Al adoption to
citizens and society.

From alarmist letters to a growing number of reports that seek to anticipate the
risks of generative Al, generative Al has not only democratized access to Al but also
popularized the debate about its possible consequences. Analyzing academic literature
but also media reporting, and internet portals, Wach et al. (2023) identified a range of
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ongoing controversies around generative Al in the present academic and public debate,
including the lack of regulation, poor quality, disinformation, job losses, privacy viola-
tions, social manipulations, inequalities, and technostress (Wach et al. 2023). Bommasani
et al. (2022) describe a broad scale of potential risks from foundational models, ranging
from issues around privacy and security to issues of fairness, misuse, lack of compliance
with existing laws, economic as well as ecological consequences (Bommasani et al.
2022). Shelby et al. (2023) created a taxonomy of sociotechnical harms from algorithmic
systems more generally, including categories of representational, allocative, quality of
service related, interpersonal, and systemic or social harms. These are only some of a
growing body of reports that seek to anticipate the risks of Al and inform the public
discourse on generative Al. At the same time, seeing the nascent nature of the broader
popularity and experimentation with generative Al in the media, and the complexity
of the value chain (Helberger and Diakopoulos 2023), the risks foundation models, and
generative derivatives, threaten to impose on citizens have become equally difficult to
predict, a fact that further spurs speculation and public attention.

Against this background, it is crucial to examine how Al is perceived by citizens
and if they hold certain risk perceptions. For instance, as described above, generative
Al can be a fruitful ground to create mis- and disinforming content and can be a
potential risk to citizens’ privacy (Attard 2021). However, many taxonomies of risks
are expert driven or top-down defined and based on academic literature. Learning
more about the actual risk perceptions of citizens is an important reality check and,
for policymakers, can help to prioritize or deprioritize risks and better contextualize
them. A plethora of questions arises: How many risks do citizens see in generative
Al and how strongly do they believe that certain risks are inherent of generative Al?
The perception of these risks of (generative) Al can vary with the level of knowledge
citizens have (Said et al. 2023). Thus, knowledge can play an important role when
investigating citizens' risk perceptions of generative Al. Against this backdrop, we
pose the following third research question (RQ3): To what extent do individuals hold
risk perceptions towards generative Al?

Knowing about where citizens see the biggest threat of generative Al can inform,
for example, media companies and policymakers on how to communicate about and
how to address these fears or increase Al literacy. We therefore hypothesize:

H3: The higher the citizens’ knowledge about the use of Al in journalism, the more risks
they perceive.

Method
Procedure

To investigate citizens’ attitudes towards the use of Al in journalism and generative
Al, we conducted a survey among the Dutch population. The polling company Bilendi
recruited a sample based on country-specific census data and specific quotas on age,
gender, and education. Bilendi recruited until quotas were full and participants were
declined if their quotas were already complete. The data was collected via an online
survey over four weeks during July and August 2023, and the participants were given
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an incentive by Bilendi. The polling company invited 27,033 citizens, from which 1600
completed the survey, the response rate was 8%.

Sample

After removing straightliners and other outliers based on response time, age limit,
and missing values we collected a sample of 1484 respondents (quotas for age:
M=48.24, SD = 17.46; gender: female = 49, 6% male = 50%, education: lower = 28.2%,
moderate = 40.2%, higher = 31.2%). Outliers were removed if the response time was
under four minutes and only complete surveys were considered. The median response
time among our sample was 13.1min. Additionally, we removed outliers from each
construct based on the cutoff value of + 3 SDs from the mean. For transparency
purposes, we included all the analysis steps in an OSF link. It includes an exploratory
factor analysis, principal component analysis, regression analysis, and assumption
testing. Table 1 provides the census data of the sample used in this study.

Variables

The central dependent variables in this study are trust, credibility, acts of resistance,
and risk perceptions of generative Al. We measured trust and credibility through four
items (e.g., “I trust news that is produced by Al” or “I think news articles written by
Al and a human journalist together are credible”) on a 7-point scale, Cronbach’s a,,
= 0.89, M=3.73, SD = 1.63 and Cronbach’s a4y = 0.77, M=4.41, SD = 1.37. The
measurements for trust regarding the use of Al in journalism are based on Newman
et al. (Newman et al. 2016). The original items focus on journalism, and we adapted
them to the context of Al. Similarly, our credibility measurement is inspired by the
source credibility measure used by Dobber et al. (2023). To test whether these two
constructs can be kept separately in the context of this article, we performed a prin-
cipal components analysis (PCA) using the promax rotation. The first factor, named
“trust in Al", explained 51% of the variance and the second factor, called “credibility
in Al", accounting for 37% of the variance. Overall, the analysis identified two factors

Table 1. Census data.

Actual participants % Census data %

Gender

Men 50.4 49.7

Women 49.6 50.3
Age (years)

20-40 37.4 26.0

40-65 40.9 33.0

65-80 20.6 15.0

80-99 1.1 5.0
Education

Primary 28.4 19.0

Secondary 404 44.0

Tertiary 31.2 37.0

Note: In the survey, we used a string variable for age. Certain age group frequencies might be slightly higher or
lower than the quota since respondents had to be excluded if they indicated their age incorrectly. The census
data was retrieved from Statistics Netherlands (CBS): https://www.cbs.nl/en-gb.
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explaining a cumulative variance of 88%. The model displays a good fit with an RMSR
of 0.07. These findings suggest that trust in Al and credibility represent related but
distinct concepts in the dataset’.

Acts of resistance against the use of Al in journalism were measured with five
statements and participants had to indicate whether they agree or disagree with
these statements (1=strongly disagree, 7=strongly agree). The items include state-
ments like “I would not be willing to pay for news that is produced by Al” or “I would
not be willing to share personal data to receive personalized news created by Al,
Cronbach’s a=0.85, M=4.42, SD = 1.43. To the best of our knowledge, this is a novel
concept that we introduce in this study. The last dependent variable—risk perceptions
of generative Al—was also measured through six items on a 7-point Likert scale
(1=strongly disagree, 7=strongly agree) based on a previous study (Cui and Wu,
2021). For example, we presented the participants with the following statements:
“Generative Al is abused to create mis- and disinformation” and “Generative Al poses
a risk to privacy because of the data it's trained on” Cronbach’s a=0.82, M=4.712,
SD = 1.26. This question battery was created based on an article by Attard (2021)
describing generative Al risks. Attard (2021) lists possible risks in a comprehensive
manner, which have yet to be studied.

The independent variables consist of the perceived benefits of Al for journalism
and citizens’ general knowledge about artificial intelligence. To measure what benefits
citizens see in Al, we relied on a study by Sun, Hu, and Wu (2022). We asked the
participants if they think that Al can improve the objectivity, accuracy, and authenticity
of news content and whether Al can reveal false content or offer more relevant/
personalized content (1=strongly disagree, 7=strongly agree), Cronbach’s a=0.92,
M=4.07, SD = 1.45. Based on previous research (Sun, Hu, and Wu 2022), we selected
five items on knowledge about the use of Al in journalism. Knowledge was measured
on a 7-point Likert scale with six statements (e.g., “I know how Al is applied in jour-
nalism and the media” and “I already encountered Al in journalism and media”),
Cronbach’s a=0.94, M=3.34, SD = 1.69. All scales used in this study can be found in
Appendix B and the correlation plots for all variables can be found in Appendix C.

Results

To answer the first research question on how the perceived benefits concerning the
use of generative Al in journalism impact individuals’ trust and credibility in news,
we test two hypotheses (H1a & H1b). Testing the first hypothesis, we regress citizens'
trust and credibility in the use of Al in journalism on possible benefits of Al, con-
trolling for socio-demographic characteristics, trust in news on different social media
platforms, and trust in different actors (Tables 2 and 3)2. Firstly, the analysis shows
that the perceived benefits of the use of Al in journalism are associated with a higher
trust in Al [b=0.74, 95% Cl [0.70, 0.78], p<001]. In other words, citizens who see
benefits in the application of artificial intelligence in the newsroom, also display more
trust toward Al-produced news. Table 2 also shows that this effect is quite substantial.
By moving from the lower end of the scale to the top, citizens’ trust goes up by three
points. Secondly, Table 3 displays the same relationship with a slightly weaker effect.
The more benefits people see in the use of Al in journalism, the higher their perceived
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credibility of Al-produced content [b=0.46, 95% Cl [0.42, 0.51], p<001]. This finding
supports our first hypothesis.

Next, we turn to our assumption that citizens who are distrustful of the use of Al
in journalism also display a higher willingness to show resistance towards those news
outlets. This hypothesis helps us answer to what extent individuals resist the appli-
cation of (generative) Al in journalism. We do find empirical evidence that citizens
who distrust the application of Al in news production are more likely to show acts
of resistance [b=-0.14, 95% Cl [-0.20, —0.09], p<001] (Table 4). This means that lower
trust in the use of Al in the newsroom does explain why citizens would refuse to
engage with Al in any shape or form.

Finally, we were interested in the question of to what extent individuals hold
risk perceptions toward generative Al. As a final analysis, and to explore the
hypothesis that a higher knowledge about Al leads to more risk perceptions being

Table 2. OLS regression on trust in Al.

Trust in Al B (SE) t-Values 95% Cl
Benefits Al in journalism 0.74%** (0.19) 37.90 [0.70, 0.78]
Age —0.00** (0.00) -2.61 [-0.00, —0.00]
Gender —0.03 (0.04) -0.73 [-0.13, 0.06]
Education —0.03*(0.01) -2.56 [-0.06, —0.00]
Trust in actors 0.08* (0.03) 2.38 [0.01, 0.15]
Trust in news on social media 0.31*** (0.02) 10.82 [0.26, 0.37]
Constant —0.04 (0.20) -0.19 [-0.44, 0.36]
N 1471

Adjusted R? 0.66

Note: *p < 0.05; **p < 0.01; ***p < 0.001.

Table 3. OLS regression on credibility.

Credibility B (SE) t-Values 95% ClI
Benefits Al in journalism 0.46*** (0.02) 21.00 [0.42, 0.51]
Age 0.00 (0.00) 0.89 [0.00, 0.01]
Gender 0.04 (0.05) 0.86 [-0.06, 0.16]
Education 0.04* (0.01) 2.55 [0.01, 0.08]
Trust in actors 0.43*** (0.04) 10.70 [0.36, 0.52]
Trust in news on social media 0.10** (0.03) 3.22 [0.04, 0.17]
Constant 0.29 (0.25) 1.24 [-0.17, 0.75]
N 1471

Adjusted R? 0.41

Note: *p<0.05; **p<0.01; ***p<0.001.

Table 4. OLS regression on acts of resistance.

Acts of resistance against Al B (SE) t-Values 95% ClI
Trust in Al —0.14*** (0.02) —5.24 [-0.20, —0.09]
Age 0.00 (0.00) 1.38 [0.00, 0.01]
Gender —0.28*** (0.07) —3.84 [-0.43, —0.14]
Education —-0.01 (0.05) —-0.62 [-0.06, 0.03]
Trust in actors 0.01(0.05) 0.26 [-0.09, 0.12]
Trust in news on social media 0.10% (0.04) 2.35 [0.032 0.20]
Constant 4.87%** (0.30) 16.09 [4.35, 5.55]
N 1471

Adjusted R? 0.02

Note: * p<0.05; **p<0.01; ***p<0.001.
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Table 5. OLS regression on risk perceptions.

Risk perceptions B(SE) t-Values 95% Cl
Knowledge Al 0.00 (0.02) 0.41 [-0.04, 0.06]
Age 0.00*** (0.00) 415 [0.00, 0.01]
Gender —0.22*** (0.06) -3.39 [-0.36, —0.10]
Education —-0.01 (0.01) -0.87 [-0.06, 0.02]
Trust in actors 0.01 (0.04) 0.80 [-0.05, 0.13]
Trust in news on social media 0.03 (0.04) 0.33 [-0.07, 0.09]
Constant 4.48%** (0.28) 15.92 [3.93, 5.04]
N 1471

Adjusted R? 0.01

Note: *p <0.05; **p<0.01; ***p<0.001.

held by citizens, Table 5 presents the corresponding OLS regression. We do not
find an effect of knowledge about Al in journalism on the perceived risks of
generative Al.

Discussion

With the rapid spread of (generative) Al and its implementation in newsrooms, ques-
tions about citizens’ perceptions of this development arise. Does the trust relationship
between citizens and news change? Where do citizens see possible risks of generative
Al? The main purpose of this study was to better understand how the application of
Al in journalism impacts citizens’ relationship with news and their acceptance of the
use of Al in newsrooms. Secondly, we explored how citizens perceive generative Al.
More concretely, this study aimed to explain how the journalistic use of Al affects
citizens’ trust in news. We further were interested in possible reluctance or refusal
towards Al-produced or supported news content. Do citizens show resistance towards
the use of Al and what does this resistance look like? Finally, we tapped into citizens’
risk perceptions about generative Al.

First and foremost, our findings demonstrate that the more benefits (i.e., Al
improving objectivity of news content) citizens see regarding the application of
Al in journalism, the more trust they have in Al-produced content and journalists
who use Al. Related to this, we also found that Al-produced content is perceived
as more credible the more its benefits regarding the use of Al are recognized by
citizens. This insight can inform news media about the way they should be trans-
parent about the use of Al—not only that they use Al but why and where exactly,
and to what end. We believe that part of the responsible use of artificial intelli-
gence entails reflecting and explicating how Al can actually benefit citizens, as
opposed to a merely opportunity-driven approach. This also includes that the use
and implementation of Al is driven by an actual vision of the potential benefits,
something that could be communicated, for example, in an editorial mission
statement.

Trust in information is key in democracies. However, with declining trust in news
across countries (Newman et al. 2023), we need to take a more nuanced look at how
distrust influences how individuals treat journalistic output. We find empirical support
that more distrusting citizens are more likely to show resistance or reluctance regard-
ing Al-produced news. This suggests that (dis-)trust in the use of Al in journalism can
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be connected to acts of resistance towards Al-produced news content. In other words:
if people do distrust the use of Al in journalism, it does seem that such distrust can
be translated into action. Put simply, people are suspicious of Al-generated news and
would actively avoid it. Based on our results, resistance is mostly linked to the unwill-
ingness to pay for Al-generated news content and the refusal to share personal data
to receive personalized news created by Al. Hence, we observe an overall reluctance
to engage with Al-generated news. Viewing this finding through the lens of Albert
Hirschman’s Exit, Voice, and Loyalty framework (Hirschman 1970), it suggests that
when distrust is present, citizens are either less likely to use their “voice” or more
likely to choose to “exit” by, for example, avoiding Al-produced news entirely or by
refusing to pay for this type of content. This is bad news for media organizations in
the sense that there will not be room for experimentation and winning back the trust
of citizens if they exit. This finding also sheds a critical light on recent policy pro-
posals, such as the Al Act. For instance, beyond transparency regarding the use of
generative Al, the aforementioned Al Act offers little to no actionable rights that
enable citizens to exercise control over their informational environment and the
interactions they have therein. We argue that gaining insight into the acts of resis-
tance citizens would likely perform or exercise, could aid us in defining (though not
exclusively) what those rights could look like and empower citizens. And this in turn,
could help shape regulatory information requirements, where citizens are informed
about the existence of Al-generated news content and informed as to the way they
can exercise acts of resistance to minimize perceived risks while maximizing the
benefits they might derive.

Lastly, we do not find evidence that a higher knowledge about the application of
Al in news production is related to more risk perceptions about generative Al. Thus,
knowledge cannot explain the propensity of citizens to maintain risk perceptions
concerning generative Al. However, it is important to mention that we are working
with perceived knowledge about Al, unlike Said et al. (2023), who measured Al
knowledge objectively. We believe that knowledge and the connected risk perceptions
might partially be informed by how news frames artificial intelligence. It is undisputed
that news plays a crucial role in knowledge acquisition or learning and opinion for-
mation (e.g., Chaffee and Kanihan 1997; Gross, 2008). Recent findings from the U.S.
suggest that news coverage on Al is mostly associated with benefits and not with
risks (Chuan, Tsai, and Cho 2019). Thus, if citizens learn from this news coverage, they
will ultimately acquire knowledge about Al which might skewed towards benefits
compared to risks, which they then consciously or unconsciously apply to the use of
generative Al in journalism. We suggest that further research should investigate the
concept of knowledge about Al to avoid conceptual blurriness. What do we measure
when we talk about knowledge about Al? The technological aspects, the way it’s
being used, or the risks? These questions and remaining questions suggest that a
shared definition of knowledge about generative Al should be strived for within the
academic community.

When employed responsibly, (generative) Al can enhance journalistic capabilities
by facilitating content creation and personalization (Diakopoulos 2019). The advantages
offered by Al could enable newsrooms to offer more personalized content or increase
accuracy—benefits that are also identified by citizens. Using Al to benefit citizens, in
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turn, can foster greater trust in information among citizens, which is of high relevance
in public opinion formation. Additionally, as Al technologies become increasingly
useful and accessible, they are likely to gain even more public trust. However, in a
broader context, it is important for citizens to remain vigilant about the potential
risks, such as the generation of unreliable content such as misinformation (Ryan-Mosley
2023). The findings of this article point toward distrust in the application of generative
Al in the news production and individuals’ desire to take action, such as rejection,
when confronted with Al generated news. It is therefore increasingly relevant to
distinguish the different sources (i.e., layers) and stakeholders (i.e., third-party tech-
nologies) in content production (e.g., journalists, sections where Al is utilized, news
organizations, and channels of distribution) also because more intermediaries get
involved in the development of news production (Sundar and Liao 2023). Hence, it
is important for future research to evaluate the extent to which citizens attribute Al
as the source of communication (i.e., source orientation), and the extent to which
they place trust in the different layers of the news production process. In addition,
as Al capabilities increase, it will become harder for citizens to detect the differences
between Al-generated and non-Al-generated content (Haim and Graefe 2017).
Therefore, it is critical to further examine mechanisms that could help citizens to
critically evaluate and resist the content generated by Al. In this sense, we encourage
future research to evaluate the extent to which labeling content as Al and non-Al-gen-
erated content could affect citizens’ perceptions of trust.

Despite our contributions, this study does not come without limitations. Firstly,
the sample is geographically focused on the Netherlands, which may limit the gen-
eralizability of our findings to broader international contexts. Also, further research
should include specific groups that might be underrepresented in our sample. For
instance, lower-income households or citizens with a migration background. Second,
the geographical scope could introduce cultural and regulatory biases that are not
applicable in other settings such as the United States or emerging economies such
as Latin America. Third, our research methodology primarily relies on self-reporting
measures, particularly in relation to questions about knowledge and awareness. This
approach could result in skewed results, as participants may overestimate or under-
estimate their actual knowledge, thereby affecting the validity of our conclusions.
Finally, the study employed survey methods, which, while valuable, could be com-
plemented by experimental designs for more in-depth insights. Future research could
benefit from expanding the geographical scope, employing mixed methods that
include experimental designs, and utilizing more objective measures to assess knowl-
edge and awareness.

As generative Al gains traction across various sectors, including journalism, our
research sheds light on citizens’ perceptions of Al-generated content. Specifically, we
find that the more benefits citizens perceive, the higher their trust is in Al. Interestingly,
a lack of trust in Al does not seem to lead to active resistance against the use of Al
within news production. Instead, citizens' level of Al knowledge appears to be a factor
in their ability to critically assess—and resist, if necessary—Al-generated content.
These findings offer valuable perspectives for shaping strategies by the media sector
to implement Al and constructively involve citizens in experimentation and initiatives
to give citizens more agency—by design or by law.
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Notes

1. See OSF link for full PCA.

2. As a control, we also tested these relationship in the other direction. Thus, the higher
the trust and credibility in news written by Al, the more benefits people see for the use
of Al in newsrooms. See Appendix A. We find that higher trust and credibility perceptions
also lead to more benefits seen. We conclude that this is not a linear relationship between
the variables but a circular one.
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Appendix A

Table A1. OLS regression on Al benefits connected to trust.

Benefits Al in journalism B (SE) t-Values 95% ClI
Trust in Al 0.66*** (0.01) 38.03 [0.63, 0.70]
Age —0.00*** (0.00) -3.62 [-0.01, 0.00]
Gender —0.03 (0.04) -0.84 [-0.13, 0.05]
Education 0.04**(0.01) 3.12 [0.02, 0.07]
Trust in actors 0.19%** (0.03) 5.70 [0.13, 0.26]
Trust in news on social media —0.01 (0.02) -0.38 [-0.07, 0.05]
Constant 1.04*** (0.19) 5.43 [0.67, 1.42]
N 1477

Adjusted R? 0.63

Note:*p, **p, ***p <0.01.

Table A2. OLS regression on Al benefits connected to credibility.

Benefits Al in journalism B (SE) t-Values 95% Cl
Credibility in Al 0.50*** (0.02) 21.10 [0.45, 0.54]
Age —0.01*** (0.00) -7.30 [-0.02, —0.01]
Gender —0.12* (0.06) -2.08 [-0.23, —0.01]
Education 0.01 (0.01) 0.39 [-0.03, 0.04]
Trust in actors 0.16*** (0.04) 3.73 [0.08, 0.25]
Trust in news on social media 0.25%** (0.03) 7.52 [0.19, 0.32]
Constant 1.41%** (0.23) 5.94 [0.94, 1.88]
N 1477

Adjusted R? 0.44

Note: *p, **p, ***p<0.01.
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Appendix B

Scale for Trust

Please indicate to what extent you agree or disagree with the following statements (1=totally
disagree to 7= completely agree).

« | trust news that is produced by Al
« | trust journalists who use Al

Scale for Credibility

Please indicate to what extent you agree or disagree with the following statements (1=totally
disagree to 7= completely agree).

« | think news articles written by Al and a human journalist together are credible
« | think news articles written by a human journalist are credible

Scale for Acts of Resistance

Please indicate to what extent you agree or disagree with the following statements. (1=totally
disagree to 7= completely agree)

« | would not be willing to pay for news that is produced by Al

« | would stop reading a certain newspaper if | knew they use Al to write their articles

« | would subscribe to a news outlet which does not use Al

+ | would not share news that is created by Al

+ | would not be willing to share personal data to receive personalized news created by Al

Scale for Risk Perceptions Generative Al

Please indicate to what extent you agree or disagree with the following statements about gen-
erative Al. (1=completely disagree; 7= completely agree)

+ Generative Al is abused to create mis- and disinformation (manipulated content)

« It is unfair that generative Al is trained on content that belongs to others, even if it is pub-
licly available online

« Because of the emergent capabilities of generative Al, developers are losing control over it

« Generative Al poses a risk to privacy because of the data it’s trained on

« Generative Al can be used to make people think that they interact with a human

- It is dangerous if everyone, including non-experts, has access to generative Al tools

Scale for Benefits of Al in Journalism

We would like you to think about the application of artificial intelligence in journalism. Please
indicate to what extent you agree or disagree with the following statements (1=totally disagree
to 7= completely agree)

+ Al could improve the accuracy of the news content
« Al could improve the objectivity of news content
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« Al could make the news content more interesting

+ Al could improve the authenticity of the news content

+ Al could debunk the false news and rumors

« Al could provide me with more personally relevant news content

Scale for Perceived Knowledge of Al in Journalism

Al is used in many different contexts, also in journalism. Next, we would like to know more
about what you know about the use of Al in journalism (1=totally disagree to 7= completely
agree).

« | know how the Al is applied in the journalism and media

+ | understand the basic logic for the application of Al in the journalism and media
« | know the main way for the application of Al in the journalism and media

+ | already encountered Al in journalism and media

» | can enumerate some ways in which the media use Al.

Appendix C. Correlation plot
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